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Tém tit

Trong linh vuc tiép thi sd, tic dong cua quang céo ca nhan hoa ddi véi xu hudng mua sam boc
ddng (IBT) ctia ngudi tiéu dung van 1a mot chit dé quan trong nhung chua duoc nghién ctru
sdu, ddc biét 1a d6i voi cac san pham co mirc d6 quan tim thap. Do d6, nghién ciru nay nham
kham pha anh huéng cta cam nhan c4 nhan hoa trong quang cdo ddi véi xu huéng mua sim
bbc ddng truc tuyén cta ngudi tiéu dung Viét Nam, tap trung vao nhom san pham it duoc quan
tam trén nén ting mang xa hoi. Dya trén md hinh Kich thich - T6 chirc - Phan tng (Stimulus -
Organism - Response, S-O-R) két hop v&i Mo hinh Kha niang Thuyét phuc (Elaboration
Likelihood Model, ELM), nghién ctru phan tich vai tro trung gian ctia cam nhan vé tinh moi
mé va mirc d6 lién quan trong mdi quan hé nay. Dit liéu dugc thu thap tir 245 phan hdi hop 18
trong khoang thoi gian tir thang 4 dén thang 5 nam 2025 va duoc phan tich bang phuong phap
PLS-SEM théng qua phan mém SmartPLS 4. Két qua cho thiy quang céo ca nhan hoa lam gia
tang dang ké xu hudng mua sim bdc ddng cta nguoi tiéu dung, ca truc tiép va gian tiép thong
qua viéc nang cao cam nhan vé tinh mé&i va mic do lién quan. Dya trén nhitng phat hién nay,
nghién ctru dé xuét cac khuyén nghi thyuc tién danh cho cac nha tiép thi nham xay dung chién
lugc quang cdo ca nhan hoa hi¢u qua hon, dac biét hudng td1 nhoém san phém c6 muc do quan
tam thap.

' T4c gia 1ién hé. Email: k60.2113280015@ftu.edu.vn
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T khéa: Quang cdo ca nhan hoa, xu huéng mua sam boc dong, san pham c6 mirc d6 quan tam
thap, mang xa hdi, Viét Nam.

THE IMPACT OF PERSONALISED SOCIAL MEDIA ADVERTISING ON
IMPULSE BUYING TENDENCY FOR LOW-INVOLVEMENT PRODUCTS IN
VIETNAM

Abstract

In the literature on digital marketing, the influence of personalised advertising on consumers’
impulse buying tendency (IBT) has remained an underexplored yet important topic, especially
for low-involvement products. This study therefore examines the impact of perceived
personalised advertising on the online impulse buying tendency of Vietnamese consumers,
focusing on low-involvement products within the context of social media platforms. Drawing
upon the Stimulus - Organism - Response (S-O-R) framework integrated with the Elaboration
Likelihood Model (ELM), this research investigates how perceived novelty and perceived
relevance mediate this relationship. Data were collected from 245 valid survey responses
between April and May 2025, and analysed using PLS-SEM via SmartPLS 4. The findings
reveal that personalised advertising significantly increases consumers’ tendency to buy on
impulse, both directly and indirectly through enhancing perceptions of novelty and relevance.
Based on these insights, the study offers practical recommendations for marketers aiming to
design more effective personalised advertising strategies targeting low-involvement products.

Keywords: personalised advertising, impulse buying tendency, low-involvement products,
social media, Vietnam.

1. Introduction

Impulse buying (IB) is a widespread consumer behaviour that significantly influences
purchasing decisions across many industries. Research shows that it accounts for a large share
of consumer expenditure: about 40% of online spending (Verhagen and van Dolen, 2011) and
up to 60% of all purchases (Amos, Holmes, and Keneson, 2014). Recently, researchers have
focused on Impulse Buying Tendency (IBT) - a psychological trait reflecting an individual’s
likelihood to act on impulse (Utama et al., 2021). The effect of IBT is especially pronounced
with low-involvement products - items that are inexpensive, frequently purchased, and require
little cognitive effort to choose, such as snacks, cosmetics, or household goods. For instance,
over 80% of chocolate purchases are reportedly made on impulse (Watkins, 1984). These
products are highly responsive to external stimuli such as price discounts, bonus packs, and in-
store displays or advertising and promotions (Asghar, Abbasi and Zafarullah, 2015). Among
the factors researched, perceived advertising personalisation (PAP) stands out as a significant
driver.

Perceived advertising personalisation (PAP) has emerged as a significant factor driving
IBT by making ads feel more relevant and engaging (Dodoo, 2019; Christian et al., 2022). By
tailoring content based on individual preferences and behavioral data, advertisers can
effectively engage consumers, triggering impulse buying tendencies (Dawson and Kim, 2010).
However, the effect is nuanced as others reveal that overly personalised ads might reduce trust
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and trigger privacy concerns, which can suppress purchase tendency. This underscores the
importance of understanding consumer perceptions of personalised advertising.

Moreover, this study focuses on the Vietnamese market, where the rise of e-commerce and
rapid digital adoption have intensified consumers’ exposure to personalised advertising.
Vietnam, with over 70% internet penetration and among the highest social media usage rates in
Southeast Asia (Le and Tran, 2020), offers a dynamic context to explore how personalised ads
affect IBT, particularly for low-involvement products.

By exploring the impact of personalised advertising and impulse buying tendency, this
research seeks to shed light on the psychological mechanisms through which personalised
advertising shapes consumer tendency for low-involvement products in the Vietnam context.
Based on the Stimulus-Organism-Response (S-O-R) framework, the research considers
personalised ads as the stimulus, consumer perceptions as the organism’s psychological state,
and impulse purchase tendency as the response. By integrating the Elaboration Likelihood
Model (ELM), the study also emphasises how low-involvement products rely on peripheral
cues to increase the impulsive tendency through social media platforms.

To the best of the author’s knowledge, this study is among the first to explore how
perceived personalised social media advertising influences IBT for low-involvement products
in Vietnam. Existing research often overlooks three aspects: the difference between low- and
high-involvement products, IBT as a distinct psychological trait, and the cognitive and
emotional mediators. Therefore, the research aims to: (1) clarify key theoretical concepts, (2)
examine the mediating role of perceived novelty and relevance, (3) understand psychological
mechanisms linking personalised ads to IBT, and (4) provide practical recommendations for
businesses to better design personalised advertising targeting low-involvement products.

2. Literature Review and proposed research model
2.1. Personalised advertisements in social media

Early definitions focused on meeting individual needs (Albert et al., 2004), whereas later
views highlight data-driven, context-aware strategies (Aksoy et al., 2021). Personalised ads are
crafted from user data to boost relevance and engagement (Montgomery & Smith, 2009; Baek
& Morimoto, 2012). This approach is especially effective on social media due to rich digital
footprints and interactive features enabling precise targeting (Dodoo & Wu, 2019). Yet,
effectiveness depends more on consumers’ perceived personalisation than the actual level (De
Keyzer et al., 2022). For low-involvement products, emotional cues and perceived relevance
strongly influence impulse buying tendency (Akbari, 2015). Therefore, this study focuses on
perceived personalised advertising and its effect on impulse buying tendencies among
Vietnamese social media users, especially for low-involvement products where emotional
factors are influential. Recent studies suggest personalised ads increase perceived relevance and
novelty, enhancing emotional and cognitive responses that lead to IBT (Christian et al., 2021;
Aslam et al., 2021). Overall, personalised advertising promotes impulse buying tendency by
boosting perceived relevance and novelty, which mediate the effect on IBT - a trait reflecting
consumers’ predisposition to buy spontaneously (Weinberg & Gottwald, 1982).

2.2. Online impulse buying tendency
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Online impulse buying tendency (OIBT) refers to a psychological predisposition to make
spontaneous, unreflective purchases rather than just observed behaviour (Rook & Fisher, 1995;
Sun & Wu, 2011). Rooted in early work describing impulse buying as emotionally driven and
unplanned (Clover, 1950; Stern, 1962; Rook, 1987), later research highlights the role of both
internal traits and external stimuli (Xiao & Nicholson, 2012; Kathuria & Bakshi, 2024).
Personalised social media ads act as powerful external cues by matching user interests, boosting
advertising’s relevance and emotional engagement (Reena & Udita; Aslam, 2021), though
OIBT also depends on consumers’ internal interpretations (Lim & Yazdanifard, 2015).
Perceived ad relevance and novelty are key mediators; relevance aligns content with personal
values, enhancing effectiveness (Celsi & Olson, 1988), while novelty increases arousal and
exploratory buying (Sebayang et al., 2019; Christian et al., 2021). Thus, this study examines
how these perceptions link personalised ads to OIBT to reveal the psychological processes
behind spontaneous online purchases.

2.3. Proposed Research model

To develop the proposed model examining the impact of personalised social media
advertising on impulse buying tendency, this study integrates two key theories: the Stimulus-
Organism-Response (SOR) model (Mehrabian & Russell, 1974), Elaboration Likelihood Model
(ELM), developed by Petty and Cacioppo (1986)

The Stimulus-Organism-Response (S-O-R) model (Mehrabian & Russell, 1974) explains
how external stimuli shape internal states, which then drive behavioural responses. In
marketing, it has been used to study how personalised ads and other cues influence purchase
intentions and impulse buying (Chen & Yao, 2018; Dam, 2023). Recent studies apply S-O-R
to personalised advertising, showing that stimuli like tailored social media ads trigger
perceptions of novelty and relevance (organism), which then increase impulse buying behavior
(response) (Aslam, 2020; Yaqub et al., 2023). While earlier research focused on observable
behaviours, newer work recognises that impulse buying tendency (IBT) itself can serve as a
response variable, shaped by stimuli and internal evaluations (Bansal and Goyal, 2020)
especially in digital contexts. In this study, perceived personalisation acts as the stimulus
reflecting consumers’ interpretation of ads as tailored to them. The organism component
includes perceived novelty and relevance as mediators, and the response is IBT. This
framework helps explain how personalised ads on social media translate into psychological
readiness to purchase, providing a clear pathway from external marketing cues to spontaneous
buying tendencies.
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The Elaboration Likelihood Model (ELM) by Petty & Cacioppo (1986) explains how people
process persuasive messages via the central route (thoughtful analysis) or the peripheral route
(surface-level cues) (Cho, 1999; Petty et al., 1997). The central route requires motivation and
leads to durable attitude change (Cyr et al., 2018), whereas the peripheral route prompts quick,
affective reactions with less cognitive effort (Yalch & Elmore-Yalch, 1984; Zhou, 2022). In
digital marketing, recent work (Pan & Zhang, 2023) shows peripheral cues like social climate
often have stronger effects on attitudes toward social media ads. Notably, Petty and Cacioppo
(1983) explained that consumers with high product involvement process information via the
central route, while those with low involvement are more influenced by the peripheral route.
Here, perceived novelty and relevance function as peripheral cues that emotionally engage
users, prompting spontaneous purchasing tendencies (Dawson and Kim, 2009; Coley and
Burgess, 2003). Emotional reactions like surprise or personal resonance drive impulse buying
without detailed evaluation (Fripp, 2023; Phelps, 2006). Thus, applying the ELM helps explain
how personalised social media ads increase impulse buying tendency by triggering low-effort,
affective responses, especially for low-involvement products.

Drawing on the theoretical framework discussed above, we propose the following
hypothesis:

According to the S-R premise of S-O-R theory, advertising personalisation (Stimulus) can
directly trigger impulsive buying tendency (Response) without deep cognitive processing,
especially online (Aslam, 2020; Yaqub et al., 2023). While privacy concerns may cause some
resistance (Christian et al., 2022; Boerman et al., 2021), other studies show personalised ads
boost impulse buying by increasing relevance and engagement (Dodoo & Wu, 2019; Zafar et
al., 2020; Chirtian et al., 2021). Therefore, the hypothesis posited in this study is that the
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perception of advertisement personalisation positively influences online impulse buying
tendency.

H1: Customer Perceived Advertisement Personalisation has a positive effect on their online
impulse buying tendency.

Within the S-O-R model, personalised advertising acts as an external stimulus that
increases consumers’ perception of novelty (Organism) by making ads feel fresh and
unexpected (Christian et al., 2021). Personalised content often breaks away from generic
messaging, standing out and capturing consumer attention (Kalyanaraman & Sundar, 2006).
Prior studies confirm that higher perceived personalisation enhances novelty, making ads
appear more unique and interesting (Dodoo & Wu, 2019). Therefore, it is hypothesised that
perceived advertisement personalisation positively affects perceived novelty.

H2: Customer Perceived Advertisement Personalisation has a positive effect on their
perceived advertisement novelty.

According to the S-O-R framework, perceived novelty in advertising triggers
psychological responses like curiosity and surprise that lead to IBT, especially for low-
involvement products where decisions are made quickly (Sung et al., 2016; Adhikari, 2019).
The ELM views novelty as a peripheral cue that boosts emotional engagement and spontaneous
purchases (Dawson & Kim, 2009). Although some studies argue novelty alone may not directly
cause impulse buying (Femilia & Mayasari, 2021; Dodoo & Wu, 2019), others find it increases
emotional arousal and drives spontaneous buying (Yu & Bastin, 2010; Hausman, 2000). Based
on this, the following hypothesis is proposed.

H3: Perceived Novelty of advertisement has a positive effect on online buying impulse
tendency.

In S-O-R theory, advertising personalisation (Stimulus) boosts perceived relevance
(Organism) by matching ads to consumers’ interests, making them feel more meaningful
(Bright & Daugherty, 2012). Research shows higher perceived personalisation leads to greater
perceived relevance (Dodoo & Wu, 2019; De Keyzer et al., 2015), which then increases
attention and positive cognitive responses (Odoom, 2022). Thus, this study proposes that
perceived personalisation positively influences perceived ad relevance.

H4: Customer Perceived Advertisement Personalisation has a positive effect on the
perceived advertisement relevance.

Perceived relevance, as a cognitive and emotional response (Organism), makes ads feel
personally meaningful and speeds up decision-making (Jaiswal, 2024). Under S-O-R and ELM
frameworks, relevant ads attract attention via peripheral cues, encouraging spontaneous
purchases, especially for low-involvement products (Dodoo & Wu, 2019; Aslam, 2018).
Studies also show perceived relevance boosts impulse buying by increasing ad noticeability and
usefulness (Kalyanaraman & Sundar, 2006; Hanifah et al., 2021). Hence, the following
hypothesis is proposed.

HS: Perceived Relevance of advertisement has a positive effect on online buying impulse
tendency.
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Recent studies show that perceived novelty and perceived relevance mediate the link
between ad personalisation and online impulse buying tendency. Personalisation (Stimulus)
makes ads feel fresh and unexpected (novelty as Organism), triggering emotional arousal and
spontaneous purchases (Aslam et al., 2021; Christian et al., 2021). Meanwhile, perceived
relevance aligns ads with consumers’ interests, boosting engagement and purchase urgency
(Dodoo & Wu, 2019; Aslam et al., 2021). Research also finds relevant ads enhance
noticeability, trust, and perceived value, driving unplanned buying, especially for low-
involvement products (Odoom, 2022; Zhu & Chang, 2016). In that context, the perception of
relevance and novelty become important psychological mediators, connecting the external
stimulus (Personalisation) and the final consumer’s response (Impulse Buying tendency).

H6: Perceived Novelty mediates the relationship between Perceived Advertisement
Personalisation and online impulse buying tendency.

H7: Perceived Relevance mediates the relationship between Perceived Advertisement
Personalisation and online impulse buying tendency.

Perceived
Novelty

Perceived Ads
Personalization

Online impulse
buying tendency

Perceived
Relevance

Figure 2. Proposed research model

Source: Author, 2025

3. Methodology

3.1. Measurement scale and questionnaire design

The study examines four key constructs: one independent variable (Perceived
Advertisement Personalisation), two mediating variables (Perceived Novelty and Perceived
Relevance), and one dependent variable (Online Impulse Buying Tendency). A structured
questionnaire with 24 items was used, measured on a five-point Likert scale (1 = Strongly
Disagree to 5= Strongly Agree). Specifically, Perceived Advertisement Personalisation was
measured using three items from Komiak and Benbasat (2006), Perceived Novelty with three
items adapted from Cox and Cox (1988), Perceived Relevance with ten items from Laczniak
and Muehling (1993), and Online Impulse Buying Tendency with eight items from Sun and Wu
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(2011). The questionnaire included two sections: demographic with shopping habit questions,
and items capturing these four constructs.

3.2. Data collection and analysis

A quantitative research design was adopted using an online survey to examine how
personalised social media ads influence impulse buying of low-involvement products in
Vietnam. The survey, built on Google Forms, was distributed via Facebook, Instagram, Zalo,
and email to reach digitally active Vietnamese consumers. It included demographic questions
and Likert-scale items measuring key constructs. Data were analysed using PLS-SEM in
SmartPLS 4, chosen for its suitability with complex models and non-normally distributed data.
The model tested both direct and indirect effects of perceived ad personalisation on impulse
buying tendency, mediated by perceived relevance and novelty. Reliability and validity were
assessed through established criteria (e.g., outer loadings > 0.7, Cronbach’s Alpha > 0.7, AVE
>0.5, HTMT < 0.85). The structural model was evaluated via VIF and R? values, and mediation
effects were examined using bootstrapping with 1,000 subsamples, following Zhao et al. (2010)
to classify the mediation type.

4. Results
4.1. Descriptive data analysis

A total of 245 valid responses were collected through the structured survey questionnaire
distributed to the target population. The demographic variables considered in the analysis
included gender, age, frequency of purchasing low-involvement products, commonly used
social media platforms, and types of low-involvement products frequently purchased.

The sample was slightly skewed towards female respondents (60.4%) and predominantly
consisted of young adults aged 18-24 (78%). Most participants reported frequently purchasing
low-involvement products: 64.1% did so more than five times per month and 12.7% weekly or
more, reflecting strong relevance to the study topic. Questions about social media habits and
types of low-involvement products that they frequently purchase, respondents were allowed to
select multiple platform options, leading to a total frequency count exceeding the number of
respondents answering these two questions. Regarding platform options primarily used, TikTok
(171 mentions), Instagram (157), and Facebook (151) were the most popular platforms, while
Shopee was also noted by 20 respondents, suggesting that some view it as both an e-commerce
and content platform. For product categories, snacks and beverages (171), clothing and apparel
(168), and personal care items (165) were the most frequently purchased, followed by fashion
accessories (151), cosmetics (94), stationery (91), and home and kitchen items (80). Overall,
the findings show high engagement with digital platforms and frequent low-involvement
purchases, supporting the study’s objectives.

Table 1. Participants’ demographic statistics

Categories Percent (%) Frequency
Age Under 18 years old 2.4 6
18-24 years old 78.0 191

FTU Working Paper Series, Vol. 2 No. 4 (10/2025) | 8



Categories Percent (%) Frequency
25-34 years old 19.6 48
Above 35 years old 0 0
Gender Female 60.4 148
Male 39.6 97
Others 0 0
Frequency of Rarely 114 28
purchasing low- ‘
involvement Qccaswnally (3-5 11.8 29
products times/month)
Frequently (More than 64.1 157
5 times/month)
Very frequently 12.7 31
(Weekly or more)
Primary social Facebook 151
media usage
Instagram 157
TikTok 171
Shopee 20
Types of  low- Snacks and beverages 171
involvement .
products commonly Cosmetics and beauty 94
purchased products
Personal care products 165
(e.g: haircare, oral care)
Fashion  accessories 151
(e.g: jewelry, bags,
sunglasses)
Clothing and apparel 168
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Categories Percent (%) Frequency

Home and kitchen 80
items

Stationery/School 91
supplies

Source: Author (2025)
4.2. Measurement model analysis

Indicator reliability was assessed by examining outer loadings, with values >0.7 considered
acceptable (Hair et al., 2017). Two items: PR1 (“The message of personalised social media ads
say something important to me”) and PR10 (“The message of personalised social media ads
would give me new ideas”) had outer loadings of 0.679 and 0.687 respectively and were
removed to enhance the scale’s measurement quality. This decision is supported by practical
context: Vietnamese Gen Z consumers typically interact with social media ads quickly and
emotionally rather than reflecting on deeper meanings or creativity, making these items less
relevant and potentially confusing. After excluding PR1 and PR10, re-analysis showed that all
remaining indicators achieved loadings above the recommended threshold (see Table 2).

To assess reliability, both Cronbach’s Alpha (CA) and Composite Reliability (CR) were
employed. All constructs reported CA and CR values above 0.7 (Henseler & Sarstedt, 2013),
confirming good reliability. Notably, Online Impulse Buying Tendency (OIBT) had the highest
CA at 0.886, while Perceived Novelty (PN) had the lowest acceptable CA at 0.706. All
constructs reported CA and CR values above 0.7 (Henseler & Sarstedt, 2013), confirming good
reliability. Notably, Online Impulse Buying Tendency (OIBT) had the highest CA at 0.886,
while Perceived Novelty (PN) had the lowest acceptable CA at 0.706. Convergent validity was
also examined using Average Variance Extracted (AVE). Following Hock and Ringle (2010),
an AVE value above 0.5 is required; all constructs met this criterion, with the lowest AVE
recorded at 0.520 (see Table 2). Together, these results demonstrate that the measurement
model has acceptable reliability and convergent validity.

Table 2. Reliability and Validity Assessment of the Measurement Model

Indicator  Quter Cronbach' Composite Average
Loadings s Alpha Reliability Variance
(rho_c¢) Extracted
(AVE)
Perceived 0.816 0.889 0.729
Advertising
Personalisation PAP1 0.913
(PAP)
PAP2 0.890
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Indicator  Quter Cronbach' Composite Average
Loadings s Alpha Reliability Variance

(rho_c¢) Extracted
(AVE)

PAP3 0.742
Online impulse 0.886 0.910 0.558
buying
tendency OIBTI1 0.840
(OIBT)

OIBT2 0.718

OIBT3 0.727

OIBT4 0.715

OIBTS 0.755

OIBT6 0.730

OIBT7 0.760

OIBTS 0.721
Perceived 0.706 0.835 0.628
Novelty (PN)

PN1 0.780

PN2 0.760

PN3 0.835

0.869 0.897 0.520

Perceived PR2 0.737
Relevance (PR)

PR3 0.716

PR4 0.719

PR5 0.713

PR6 0.722
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Indicator  Quter Cronbach' Composite Average
Loadings s Alpha Reliability Variance

(rho_c¢) Extracted
(AVE)
PR7 0.716
PR8 0.721
PR9 0.725

Source: Author (2025)

Discriminant validity was assessed using the Heterotrait-Monotrait (HTMT) ratio, with all
values below the recommended threshold of 0.85 (Clark & Watson, 1995), confirming that the
constructs are distinct. Additionally, multicollinearity was checked using the Variance Inflation
Factor (VIF). Following Kock’s (2015) guideline that VIF values below 3 indicate acceptable
collinearity, the analysis showed that all predictor constructs had VIF values well below this
threshold. This confirms the absence of multicollinearity, ensuring that path coefficient
estimates in the structural model are reliable.

Table 3. Discriminant Validity (HTMT) Ratio and VIF Values of the Higher-Order
Constructs

Heterotrait-Monotrait Ratio VIF
- HTMT
OIBT PAP PN PR OIBT PAP PN PR
OIBT
PAP 0.596 1.752 1.000 1.000
PN 0.524 0.496 1.189
PR 0.571 0.682 0.335 1.591

Note: OIBT = Online impulse buying tendency, PAP = Perceived Advertising Personalisation,
PN = Perceived Novelty, PR = Perceived Relevance.

Source: Author (2025)
4.3. Structural model and hypothesis testing
4.3.1. Structural model analysis

The model’s explanatory and predictive capabilities were evaluated using adjusted R?, Q?,
and f* values. Adjusted R? results show the model explains 37.1% of the variance in Online
Impulse Buying Tendency (OIBT), indicating moderate explanatory power; 36.8% in Perceived
Relevance (PR); and a lower 15.4% in Perceived Novelty (PN), suggesting additional external
factors may influence novelty perceptions. Predictive relevance (Q?) values were all above zero
(0.205 for OIBT, 0.182 for PR, and 0.093 for PN), meeting Ringle et al. (2018)’s criteria.
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According to Cohen’s framework (1988), an f* value below 0.02 indicates a very small effect,
values between 0.02 and 0.15 represent a small effect, between 0.15 and 0.35 a medium effect,
and values above 0.35 a large effect. Specifically, effect sizes (f?) show PAP has a small effect
on OIBT (0.053), a medium effect on PN (0.188), and a large effect on PR (0.589). PN and PR
each have small effects on OIBT, with 0.079 and 0.091, respectively.

Table 4: Measuring Coefficients (F?, adjusted R?, Q?)

Relationship f2 R? Q?

OIBT PN PR OIBT PN PR

PAP — OIBT 0.053  0.371 0.154 0.368 0.205 0.093 0.182

PAP — PN 0.188

PAP — PR 0.589

PN — OIBT 0.312

PR — OIBT 0.049

Note: OIBT = Online impulse buying tendency, PAP = Perceived Advertising Personalisation,
PN = Perceived Novelty, PR = Perceived Relevance.

Source: Author (2025)
4.3.2. Hypothesis testing

To assess the significance of the hypothesised relationships within the model,
bootstrapping was conducted using 1,000 subsamples.

Table 5. Results of Structural Model

Hypothesis Original Standard T statistics P values Result

sample deviation

O) (STDEYV)
Direct relationship
H1 PAP — OIBT 0.240 0.072 3.332 0.001 Accepted
H2 PAP — PN 0.397 0.048 8.262 0.000 Accepted
H3 PN — OIBT 0.242 0.055 4.358 0.000 Accepted
H4 PAP — PR 0.609 0.039 15.479 0.000 Accepted
HS PR — OIBT  0.299 0.070 4.251 0.000 Accepted
Indirect relationship
Hé6 PAP — PN — 0.096 0.027 3.547 0.000 Accepted,

OIBT Partial

mediation

FTU Working Paper Series, Vol. 2 No. 4 (10/2025) | 13



Hypothesis Original  Standard T statistics P values Result

sample deviation
() (STDEYV)
H7 PAP - PR — 0.182 0.042 4.294 0.000 Accepted,
OIBT Partial

mediation

Note: OIBT = Online impulse buying tendency, PAP = Perceived Advertising
Personalisation, PN = Perceived Novelty, PR = Perceived Relevance.

Source: Author (2025)

The hypothesis testing results confirm that Perceived Ad Personalisation (PAP) has a direct
and significant effect on Online Impulse Buying Tendency (OIBT), with a coefficient of 0.240
and P-value of 0.001, supporting H1. Beyond this, PAP also positively influences Perceived
Novelty (PN) (B=0.397, T=8.262) and Perceived Relevance (PR) (T=15.479), which
themselves significantly affect OIBT (PN: B =10.242; PR: f=0.299), confirming H2, H3, and
HS5. These findings highlight that consumers’ perceptions of novelty and relevance play a key
role in translating personalisation into impulsive buying tendencies.

In terms of indirect effects, the indirect effect through PN has a coefficient of 0.096 and T-
statistic of 3.547, while the mediation through PR is stronger, with an indirect coefficient of
0.182 and T-statistic of 4.294, supporting H6 and H7. Altogether, the analysis supports all
proposed hypotheses (H1-H7), demonstrating that personalised advertising drives impulse
buying not only directly but also indirectly by enhancing perceived novelty and relevance, as
summarised in Table 5.

5. Discussion

Using survey data from Vietnamese consumers and PLS-SEM analysis, all seven
hypotheses were statistically supported, confirming the strong influence of personalised
advertising on online impulse buying tendency (OIBT). First, H1 confirmed that perceived
advertisement personalisation directly impacts OIBT, aligning with prior studies that highlight
the persuasive effect of personalised content in triggering spontaneous purchases (Aslam et al.,
2021). In the Vietnamese context where mobile-first behavior and high social media usage are
prevalent, this effect is amplified (DataReportal, 2025). Vietnamese consumers respond
strongly to ads tailored to their preferences, particularly for low-involvement products, where
emotional engagement and relevance drive impulse behavior (Nguyen and Le, 2021; Mai et al.,
2003).

Support for H2 and H3 shows that personalised ads increase perceived novelty, helping
them stand out amid digital clutter and encouraging unplanned purchases particularly among
Vietnam’s younger consumers who prefer fresh, unique, and entertaining content (Dodoo,
2019; Nguyen et al., 2022; Aslam et al., 2021). These findings underline novelty as a
psychological trigger that makes personalised advertising more effective in Vietnam's dynamic
digital landscape. H4 and H5 validated the role of perceived relevance in driving impulsive
behavior. Ads seen as relevant reduce resistance and encourage quick, emotionally-driven
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decisions (Phau et al., 2004; Tam & Ho, 2006). Supporting this, Christian's study shows that
perceived relevance improves attitudes toward ads, which predicts OIBT.

Lastly, H6 and H7 confirmed the mediating roles of perceived novelty and perceived
relevance. These two factors work synergistically to channel the influence of perceived
personalisation on impulse buying, aligning with the Stimulus-Organism-Response (S-O-R)
model. PAP acts as the stimulus, perceived novelty and relevance are internal responses, and
OIBT is the response. Together, they create a powerful emotional and cognitive impact that
encourages spontaneous consumer actions. Thus, Vietnamese marketers should design ads that
are not only personalised in appearance but also novel and contextually relevant to maximise
impulsive responses.

6. Recommendation and conclusion

From the study findings, several practical recommendations have been proposed for
businesses and advertisers of low-involvement products, especially in a digital-first, mobile-
driven market like Vietnam.

Leveraging User Profiling. Businesses should use customer behavioural and preference
data to develop personalised advertising strategies, as this directly boosts impulse buying
tendency, particularly by increasing perceived novelty and relevance. Through the User
Profiling Process, which collects explicit data (e.g., age, interests) and implicit data (e.g.,
browsing habits) (White et al., 2001), firms can build detailed profiles using methods like
keyword and concept profiles (Moukas et al., 1997; Gauch et al., 2007). Integrating these
profiles into advertising systems helps deliver ads that feel both novel and personally relevant,
effectively triggering spontaneous buying decisions.

Optimising ad timing with Customer Journey Mapping and Touchpoint
Optimization strategy. Beyond content, the timing of advertisement delivery plays a crucial
role in triggering emotional responses and impulse buying. Businesses should adopt Customer
Journey Mapping (CJM) to determine optimal touchpoints for delivering personalised content.
This tool allows organisations to visualise and analyse each stage of the customer journey,
enabling more precise decisions on when and how to deliver tailored content for maximum
emotional engagement and purchasing impact. This helps identify the right moment, message,
and medium for maximum impact and minimal intrusiveness (Chaffey & Ellis-Chadwick,
2016).

Applying Hawkins Stern’s Impulse Buying Theory. Using Hawkins Stern’s Impulse
Buying Theory, which identifies four types of impulse buying: pure, reminder, suggestion, and
planned, companies can tailor strategies to different consumer motivations.For reminder
impulses, retargeting and personalised emails enhance perceived relevance by reconnecting
consumers with previously viewed items. Suggestion impulses benefit from perceived novelty
through fresh content like short videos or influencer posts. Planned impulse buying can be
driven by personalised recommendations combined with flash sales to create urgency. Pure
impulse buying, triggered by emotion or curiosity, responds well to creative formats like memes
or interactive content. By aligning strategies this way, businesses can leverage relevance and
novelty to boost spontaneous online purchases.
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In conclusion, this study offers key insights into the relationship between perceived
advertisement personalisation, perceived novelty, perceived relevance, and impulse buying
tendency in the context of low-involvement products among Vietnamese social media users.
Grounded in the Stimulus-Organism-Response (S-O-R) framework and the Elaboration
Likelihood Model (ELM), the findings highlight the essential role of ad personalisation in
activating consumers’ perceptions of novelty and relevance - two key psychological
mechanisms that, in turn, drive impulse buying tendency.

Although the study is limited by its focus on low-involvement products within a specific
cultural setting and does not account for external factors such as age, social media habits, or
psychological traits like self-control, it still contributes meaningfully to academic research and
marketing practice. For marketers, the findings suggest that using personalised ads aligned with
culturally relevant cues and social trends can increase impulse buying in Vietnam.

Future research should broaden the scope by examining different product categories,
adopting cross-cultural comparisons, and incorporating additional psychological and contextual
factors. These steps will help develop more effective, ethical, and culturally sensitive
personalised advertising strategies in today’s digital landscape.
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